Kalman Gain Calculations with a Neural Network

Abstract

In Kalman filtering, a novel approach is presented
to replace a part of the Kalman gain calculations
with a neural network. The proposed algorithm
avoids matrix inversion in the Kalman filter, hence
eliminating the problems encountered

1 Introduction
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2 Neural Network Aided Kalman
Gain Calculations
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3. Simulation Results
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4. Conclusions
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